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Tab. 1 The Jackknife success rates for protein-RNA interaction
prediction by different methods
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Fig. 1 The comparison results of Jackknife prediction success
rates obtained by KNN algorithms with different K
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The Prediction and Research of RNA-Protein Interactions

WANG Tong, XUE Jianxin, DU Yi
(School of Computer and Information Engineering, Shanghai Polytechnic University, Shanghai 201209, China)

Abstract: It is very important to determine whether RNA and protein interacts or not. Because it is widely present in the biological
process and plays a vital role in the biological cell activity. Especially, in recent years, with the increase of protein structure data, it
is very difficult to determine the interaction between protein and RNA with traditional physical and chemical methods. It is imminent
to finding a way to predict the interaction between proteins and RNA. Firstly, the PsePSSM algorithm was used to express the protein
sequence. The feature vector dimension of the encoded protein was very high. Then the GPP manifold learning method was used to
reduce the dimension of the protein. The reduced feature vector was input into the SVM classifier, and the trained classifier predictors
were used to predict whether the unknown protein interacted with the RNA. Finally, the Jackknife method was used to test the accuracy
of prediction. The results showed that the method was very effective. It can provide a new way to study the interaction between protein
and RNA.

Keywords: interaction between protein and RNA; dimensionality reduction; prediction



