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An Evaluation Method of Machine Learning for Academic Performance

and Tutorial System

LUO Jiamei, NIU Sen, AN Junyu, XUE Jianxin

(School of Computer and Information Engineering, ShanghaiPolytechnic University, Shanghai 201209, China)

Abstract: The tutorial system is an auxiliary system for implementingand perfecting the credit system, which can effectively improve

the comprehensive quality, innovative spirit and practical ability of students. In order to analyze the influence of thetutorial system on

student course performance, this paper proposes an evaluation method of machine learning based on multiple linear regression models.

The method is mainly divided into five stages: data preprocessing, data feature selection, model training, cross-validation, and score

prediction. Finally, an experimental analysis was conducted on the course score. The comparison results proved that the tutorial system

can effectively improve the pass rate and excellent rate of the course score.
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Fig. 1 The processes of evaluation method of machine learning based on multiple linear regression
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Tab. 1 The correlation coefficient between courses
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Tab. 2 Parameters estimation and value comparison on

Algorithms Design Techniques and Analysis
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Tab. 3 Parameters estimation and value comparison on Artificial Intelligence
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Fig. 2 The distribution of increased scores of students passed on Algorithms Design Techniques and Analysis



218 þ°1�ó��ÆÆ� 2020c 1 37ò

10

8

6

4

2

0

S
tu

d
en

t 
N

o
.

0 2 4 6 8 10 12 14 16
Score boosting

20

15

10

5

0

S
tu

d
en

t 
N

o
.

0 5 10 2015
Score boosting

ã 3 “�{�O�©Û” ¤1> 80©�Æ)©êJ,©Ù

Fig. 3 The distribution of increased scores of students‘ scores> 80 on Algorithms Design Techniques and Analysis
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Fig. 4 The increased distribution of scores of students‘scores> 70 & < 80 on Algorithms Design Techniques and Analysis
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Fig. 5 The distribution of increased scores of students scores> 60 & < 70 on Algorithms Design Techniques and Analysis
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