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An Evaluation Method of Machine L earning for Academic Performance

and Tutorial System

LUO Jiamei, NIU Sen, AN Junyu, XUE Jianxin
(School of Computer and Information Engineering, Shan&odytechnic University, Shanghai 201209, China)

Abstract: The tutorial system is an auxiliary system for implementmgl perfecting the credit system, which can effectivelyrionp
the comprehensive quality, innovative spirit and prattidality of students. In order to analyze the influence oftilterial system on
student course performance, this paper proposes an egaluat¢thod of machine learning based on multiple linearesgjpn models.
The method is mainly divided into five stages: data prepsings data feature selection, model training, cross-atibt, and score
prediction. Finally, an experimental analysis was congldi@n the course score. The comparison results proved #haittirial system
can effectively improve the pass rate and excellent rathe€burse score.
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Fig. 1 The processes of evaluation method of machine legqumaised on multiple linear regression
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